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Biological Neuron

* The basic computational unit in the nervous system is the
nerve cell, or neuron. A neuron has:
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Model of an artificial neuron




Model of an artificial neuron
Terminology( <lalhialll)

X s X5, ...y X, are the inputs to the neuron

W, W,, ...., W, are real-valued parameters
called weights

net =w; X, + w, X, +...+ w_ x_1s called
the weighted sum

f: is called the activation function?( 4l

Janiill)

y = f(net) is the output of the neuron
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step function 3 skall 4lla
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linear function 4xaall 4l
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sigmoid function =¥! 4l
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The sigmoid activation function
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